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Table 1. (% False-positive)/(% True-positive) rates for time-
indexed Waveprint and for the modified Ke’s system [10]

The operating point for the time-indexed Waveprint ( ) was the
equal-error setting for the mixed-distortion probe. The operating point
for Ke's system was defined by the maximum likelihood ratio from the
statistical models in their codebase.
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Figure 1. ROC curves for time-indexed Waveprint and for the

modified Ke’s system [10] on a time-distortion-free set (d1-d7)
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